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Gaia (2013 - present) has astrometric, 
photometric and spectroscopic data for 
almost 2.000M stars (1% of the MW stars).

Predecessor: Hipparcos (1989) with 100k 
stars. Ratio of 1 : 20.000 (!!!)
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What makes the MCs interesting?
 - LMC is the closest spiral galaxy to the MW
   (astrometric information for million stars)
 - In strong interaction

The MCs are the perfect laboratory for 
testing methodologies and models 

designed for the study of external and 
interacting galaxies
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How can we sure that the 
classifier works well for 
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